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7 Multiclass Problems
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8 Cost-Sensitive Multiclass Classification
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10.1 O OO0 (McDonald et al., ACL 2005)
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10.2 00000 (Canasai et al., ACL 2009)
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DO00O0O x=21,29,..,2p0000¢000000 g(x) =06 =1,2,...¢) 00000 f(x)
000 (@)000000000000 A#£06=1,2,..,¢00000000000000

q
L(x,A) = f(z)+ Y Nigi(x) (58)
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Appendix B. KKT ] [J
00000000000000000000¢q000000 ¢1(x)=0,...,9,(x)=00 0000
000 hi(x)<0,...h(x) <0000 f(x)0000000000000000
q T
L(x, A ) = (@) + > Xigi(x) + Y ph;(x) (59)
i=1 j=1
O00O000LO0xO000DOODOODOOANO pODQOOODOOOODOO
booobobo x*00ddd0x*ddbooooooog:
o V.L(x* A )= 0 (Stationarity)
e gi(x*)=0Vi and h;(x*) <0V (Primal feasibility)
e 1; > 0Vj (Dual feasibility)

e (1ih;(x*) = 0Vj (Complementary slackness: 0 0 0 0)

3http://www27.atwiki.jp/nina_a/pages/31.html
“http://ynomura.dip.jp/archives/2009/02/lagrange.html
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0000000 KKT OO (Karush-Kuhn-Tucker conditions) 0 O O O
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d(\, p) = min L(x, A\, p) (60)
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L(x, A\ ) = (@) + > Xigi(x) = Y pihi(x) (62)
i=1 i=1

003 f(z)=—(z1—4)%— (22 —4)20 21 +2, <400 2, +32,<9000000000°
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